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Overview of single cell RNA-seq workflows Traditional DE methods choose either a resolution of either genes or isoforms Our method is sensitive to and reveals isoform dynamics
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Simulations were used to evaluate our method Transcript compatibility counts preserve isoform information Marker of memory v. naive T cells found using purified cell types
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kallisto pseudobam can be used to visualize and interpret TCC results De novo analysis of 10x PBMC data recapitulates discovery in purified cell types
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