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Logistic	regression	is	sensitive	to	and	reveals	isoform	dynamics

Marker of memory v. naïve T cells found using purified cell types

Overview of single cell RNA-seq workflows
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kallisto pseudobam can be used to visualize and interpret TCC results
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Simulations - Experimental Effect SizesSimulations were used to evaluate our method

Our method is sensitive to and reveals isoform dynamics

Transcript compatibility counts preserve isoform information
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Traditional DE methods choose either a resolution of either genes or isoforms

De novo analysis of 10x PBMC data recapitulates discovery in purified cell types References

Figure from Ntranos et al., 2017

Figure from Haque et al., 2017

a OUR GENE DE METHOD
For each gene g:

where Xg = transcript count
matrix (dim # cells * #
transcripts in g), Y = vector of
cell type ID (dim # cells * 1)

For statistical significance, for
each gene, perform likelihood
ratio test against null model

where c is a constant.
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